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Research on Cloud-Edge Collaborative Distributed Training
and Inference Solution
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Abstract: In the context of enterprise intelligent transformation, large model training and inference require massive
intelligent computing resources. Self-built computing power often suffers from high costs and lengthy construction
cycles, while rented computing power services face issues such as data exfiltration security risks. This paper proposes
a Cloud-Edge Collaborative Distributed Training and Inference Solution. Through hierarchical model deployment, the
enterprise edge side processes sensitive data, while the cloud-based intelligent computing center undertakes large-
scale computing tasks. Between the cloud and edge ends, non-sensitive intermediate variables are transmitted via an
RDMA (Remote Direct Memory Access)-supported cross-domain lossless transmission network. On the basis of en-

suring enterprise data privacy, the solution achieves elastic scaling of computing power based on a secure network ar-
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chitecture, and finally forms a high-performance networking solution that is adaptable to diverse industry scenarios.

Key words: Cloud-Edge Collaboration, Distributed Training and Inference, Hierarchical Model Deployment, Cross-

Domain Lossless Transmission
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